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Abstract:

This article explores the role played by legacy media in the pervasive situation where far-
right activists highly politicize migrant crimes on social media. Focusing on particular crimes
they consider indicative of a state’s failure to secure borders and protect its citizens, they
utilize social media platforms to mobilize and garner political and media attention. However,
little is known about the dynamics of influence between far-right activism on social media
and legacy media in the process of politicizing migrant crimes. To overcome the analytical
and methodological limitations of current research, we have developed a computational
method to capture the public discussion that took place in France around a single event—the
murder of a young teenager named Lola in Paris in October 2022. Applying an event
identification algorithm to a vast corpus of Twitter data has enabled us to analyze the
dynamics of public discussion held in various arenas, both quantitatively and qualitatively.
This article’s main argument is that legacy media act as a “moral compass” vis-a-vis far-right
mobilizations that politicize migrant crimes on social media. While they were unable to
influence the volume of attention that social media users pay to this murder, the French
legacy media have contributed to setting limits to the form and spread of politicization by the
far right on social media. More specifically, they were able to influence the attention paid to
the facts that serve as the basis for discussion on social media and to steer that discussion

toward questioning the relevance of politicizing the crime.
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On the evening of October 14, 2022, the police found the dead, dismembered body of Lola, a
12-year-old girl, in a district of eastern Paris. Two days later, when a newspaper mentioned
the Algerian nationality of the main suspect, hundreds of far-right activists started mobilizing
massively on Twitter and in the streets, organizing marches and putting up posters. Using the
hashtag #justicepourlola, they argued that this was not an isolated incident but the
consequence of lax migration policies. The violent murder of this young white girl with blond
hair, they claimed, constitutes a “francocide.” This neologism was coined a few months
before the murder by French far-right politician Eric Zemmour: “The beating, rape, murder,
and stabbing of a French man or woman by an immigrant is not a news item. It is a political
fact that I will henceforth refer to as ‘francocide.’” he declared during a speech to his
supporters in September 20222. The murder occupied the media spotlight for more than a
week and led to a series of statements by far-right politicians, ministers, and politicians on

both the right and the left.

This article explores the role played by legacy media in the pervasive situation where
far-right activists politicize migrant crimes on social media. By “politicization,” we refer to
the process through which a specific news event is viewed not just as an isolated incident or a
result of the psychological traits of the individuals involved but as indicative of a more
general issue (Boltanski and Esquerre 2022). In this sense, crimes that have been committed,
actually or allegedly, by immigrants or people of foreign origin are the object of intense
politicization in most Western countries. This politicization is prevalent on social media
platforms, which are commonly used by far-right politicians and activists in North America
and Europe to associate immigration with crime and to denounce the failure of states to
secure borders and protect citizens (Ekman 2019, Merry 2022). Far-right activists have
leveraged social media to mobilize and gain political and media attention in ways that were
impossible until the early 2010s. By increasing the visibility of specific crime news that
aligns with their political agenda and reframing interpretations presented by established
media and public officials, they create “affective publics” of individuals sharing racist and
hateful comments (Ekman 2019). These efforts aim to sway public opinion and improve their

electoral outcomes.

? First mentioned in this press article: Martin Fort, 2022. “Comment Eric Zemmour veut introduire le mot
‘francocide’ dans le débat public”. Le Journal du Dimanche, Sept. 12. Available at:
https://www.lejdd.fr/Politique/comment-eric-zemmour-veut-introduire-le-mot-francocide-dans-le-debat-public-
4133734.




In this article, we ask whether and how legacy media are likely to influence the far-
right politicization of migrant crimes within social media platforms. By legacy media, we
refer to news outlets that have been established for several decades and operate primarily
through traditional avenues, such as print, television, or radio, as well as digital ones,
including websites, applications, and social media. When exploring the research on power
dynamics between social media activism and news media, we uncover two opposing
perspectives on this issue. According to the first one, legacy media would unlikely influence
the politicization of migrant crimes carried out by far-right activists on social media because
of the significant influence of platforms on news judgment and practices (McGregor and
Molyneux 2020; Tandoc and Vos 2016; Pignard-Cheynel and Amigo 2019) in a context of a
declining control over the selection and interpretation of news events (Anderson 2013; Vos
and Heinderyckx 2015). The opposing argument is that legacy media can regulate
mobilizations on social media, as they have maintained their agenda-setting power despite the
evolving media landscape, particularly in Europe (Djerf-Pierre and Shehata 2017, Langer and
Gruber 2021).

Unlike most agenda-setting research (Conway-Silva et al. 2017; Barbera et al. 2019;
Gilardi et al. 2022; Wang et al. 2023), which overlooks the role of events in studying the
influence of news media and social media, we investigated in-depth a single news event that
took place in France in October 2022: the murder of the young girl mentioned in the first
lines of this article. We selected this case because it was the subject of extensive media
coverage and an intense far-right campaign on Twitter — this platform, now called X, was not
yet owned by Elon Musk at the height of the debate surrounding the murder. More
importantly, this case brought to light how a wide variety of actors (activists, politicians,
journalists, news organizations, citizens, etc.) contribute to politicizing a migrant crime. To
analyze this politicization, we have developed an original computational method that applies
an event identification algorithm to a vast corpus of Twitter data. Combining quantitative and
qualitative analyses, we have reconstructed the process of politicization of this murder in

unprecedented detail.

This article’s main argument is that, in the case of the murder studied in the French
context, legacy media play the role of a “moral compass” vis-a-vis far-right mobilizations
that politicize migrant crimes on social media. While they were unable to influence the

volume of attention that social media users pay to this murder, the French-established news



media have contributed to setting limits to the form and spread of politicization by the far
right on social media. More specifically, they were able to influence the attention paid to the
facts that serve as the basis for discussion on social media and to steer that discussion toward
questioning the relevance of politicizing the crime. While the far-right activists politicized the
event to advance their anti-immigration agenda and criticize legacy media, legacy media
assembled most of the facts that served as the basis for the discussion on Twitter.
Additionally, these news organizations influenced public discourse on Twitter by scrutinizing
the event’s politicization, highlighting how it was politicized, and helping to question the
legitimacy of that process. Beyond the French case, this study highlights the role played by
the legacy media in regulating far-right mobilizations that exploit news events to gain ground

in public opinion.

The power dynamics between social media activists and legacy media

Over the last two decades, immigration has been increasingly portrayed in the North
American and European news media as a threat, particularly associated with violence
(Benson 2013; Sohoni and Sohoni 2014; Harris and Gruenewald 2020; Famulari and Hatley
Major 2023). On both sides of the Atlantic, major news media tend to politicize crimes
attributed to immigrants, which are associated with the failure of states to protect their
citizens (Harraway and Wong 2024). In the United States, such a generalization can be found
primarily in right-leaning media, while left-wing media tend to emphasize the victimization
suffered by immigrants (Famulari and Hatley Major 2023). Much research suggests that the
politicization of immigration in the news media is a consequence of anti-media populist
movements. European media outlets provide more coverage of far-right protest events when
they address immigration issues, mobilize contentious forms of action, and incite debates
between political opponents (Castelli Gattinara and Froio 2024). While journalists rarely
defend the association between immigration and crime, they use quotes from politicians and
ordinary citizens (Harraway and Wong 2024). Under the influence of anti-immigration
movements, they tend to mention the ethnic origin of crime suspects, even in countries like
Germany, where this practice was previously seen as conflicting with journalistic ethics

(Klimmt et al. 2024).



However, little is known about the dynamics of influence between far-right activism
on social media and legacy media in the process of politicizing migrant crimes. Researchers
have documented the growing importance of social media in generalizing the link between
immigration and crime. Utilizing commercial platforms, far-right activists aim to push the
boundaries of what is considered acceptable to say in public. They use emotional discourse to
dehumanize migrants and assert that their culture explains their criminal behavior (Ekman
2019). Inspiring other politicians around the world, Donald Trump has used social media to
portray immigrants as criminals, express sympathy for victims, and portray Democrats as
being responsible for the rise in crime. Combined with racist stereotypes, these narratives
have generated a lot of attention on Twitter (Merry 2022). Yet, little research has been
devoted to the mutual influence between social media mobilization and legacy media
regarding migrant crime, and even less on the possible impact that legacy media might have

on how migrant crimes are politicized on social media.

We identified two contrasting perspectives by examining existing literature on the
power dynamics between social media activism and news organizations. The first one
highlights the influence of social media mobilizations on legacy media. Scholars in
journalism studies and political communication have documented the critical role that
platforms play in the news production process. Twitter, in particular, has become a routine
practice for most journalists to monitor their competition and discover new news sources and
topics (Lasorsa et al. 2012; Pignard-Cheynel and Amigo 2019; Tandoc and Vos 2016).
Evidence suggests that an increasing number of journalists consider social media signals as
reflecting the preferences of news consumers or, more broadly, the state of opinion on a
particular topic or event (Van Dijck et al. 2018; Tandoc and Vos 2016; McGregor 2019). The
heavy use of Twitter appears to influence journalistic judgment, as American journalists who
use Twitter most frequently assign similar journalistic value to tweets as they do to agency
dispatches (McGregor and Molyneux 2020). In this context, mobilizations can be expected to
influence journalists when they gain visibility on platforms or exploit the intense media
interest in a particular event. This is all the more likely as the gatekeeping role of these media
organizations has been profoundly called into question by the rise of the web and social

media (Anderson 2013; Vos and Heinderyckx 2015).

A second perspective highlights the influence of legacy media on social media

mobilizations. This view is not incompatible with the first, as legacy media can retain



significant agenda-setting power by selecting the social media inputs they circulate or engage
with. However, it emphasizes that legacy media have substantial resources to distance
themselves from, if not ignore, social media mobilizations related to a particular event.
Several studies have shown that legacy media have maintained their centrality in the evolving
media landscape (Nielsen 2016, Cointet et al. 2021a). In France, far-right websites within the
“counter-information” space, which disseminate a significant amount of misinformation and
conspiracy theories, frequently cite mainstream media, whereas the opposite is rare (Cointet
et al. 2021a). In other European countries, populist anti-immigration movements often cite
mainstream media while harshly criticizing them (Haller and Holt 2019). More decisively,
agenda-setting research indicates that established media still significantly influence the issues
that citizens consider most important in the public debate. As documented in several
European countries, traditional news media have retained their agenda-setting power despite
the changing media environment. Swedish citizens appear as responsive to issue signals from
the collective media agenda today as in the early 1990s (Djerf-Pierre & Shehata, 2017).
British legacy media still have the power to bring specific issues to the forefront of public
attention, not just for a few days but for several weeks or even months: they can initiate,
amplify, and sustain attention on a particular issue thanks to their symbolic, human, and
economic resources (Langer and Gruber 2021). This indicates that legacy media are likely to

regulate the impact of social media mobilizations due to their power to shape public attention.

Three paths for legacy media to regulate social media mobilization

When considering the regulatory power legacy media can have on social media
mobilizations, there are three possible paths: regulation by attention, facts, and reflexivity.
Firstly, legacy media can intervene by limiting coverage of the crime event that sparks
activist outrage on social media. Established media play a crucial role in mobilizing public
awareness, reaching audiences far beyond those achieved by activists on social media
(Margetts et al. 2015; Langer and Gruber 2021). Consequently, legacy media can limit their
influence by directing public attention to other topics or events. Yet, this path is not
straightforward for several reasons. First, populist movements often criticize mainstream
media for not covering events that contradict their supposed ideology (Waisbord 2018).

Additionally, if less radical politicians or partisan media relay the politicization of the crime,



its journalistic value increases, heightening the pressure to cover the event (Benkler et al.

2018).

Instead of relying on the media’s ability to influence what people discuss (first-level
agenda setting), the two other paths draw on their ability to influence how the discussion is
framed (second-level agenda setting) (McCombs et al. 1997). According to the second path,
legacy media, which routinely assemble, certify, and verify facts, have the means to influence
the facts that social media users pay attention to. They can achieve this through fact-
checking, the effectiveness of which is debated (Walter et al. 2020), and by drawing public
attention to facts they consider essential regarding a particular event. Because of their large
audience, they can guide the attention of social media users toward the facts they have
assembled. Even in the context of widespread fake news, such as the 2016 U.S. presidential
election, most people’s news exposure came from mainstream media outlets, while only 1%
of Twitter accounts accounted for nearly 80% of fake news source exposure (Grinberg et al.

2019).

Finally, legacy media can limit the form and spread of far-right politicization on
social media by bringing greater reflexivity to the conversation. By reflexivity, we refer to a
specific form of framing a news event, which consists of distancing and questioning the
relevance of the generalization made by activists. We draw here on Luc Boltanski’s
theoretical framework, which emphasizes that denunciations made by individuals must
comply with a set of norms to be recognized as normal or acceptable (Boltanski 2012). In
other words, social actors can demonstrate reflexive capacities, questioning the relevance of
the generalization made from a particular event. Specifically, legacy media play a specific
role by providing reflexive coverage of how social media activists politicize a crime event.
They can achieve this by expressing or conveying favorable or critical perspectives on the
politicization of the crime. Additionally, they can rely on well-established professional
standards, such as providing balanced coverage of all arguments for and against the crime’s
politicization (Schudson 1982; Lemieux 2000: 371-374), investigating the mobilization that
underpins the politicization or, in the spirit of contextual journalism (Fink and Schudson,

2014), revealing the political strategies that fuel the politicization of a crime.

The career line of public events in the age of social media



Our analysis of the politicization of a migrant crime on Twitter is based on a revised version
of Harvey Molotch and Marilyn Lester’s classical theory of public events. Developed in the
1970s, it describes how an occurrence, defined as “any cognized happening,” is transformed
into a public event. Named the “career lines of public events,” this process relies on “a set of
agencies (individuals or groups), each of which helps construct, through a distinctive set of
organizational routines, what the event will have turned out to be”” (Molotch and Lester
1974). The authors have distinguished four significant agencies: the “effectors,” i.e.,
individuals who are directly involved in the occurrence; the “promoters,” who identify an
occurrence, for some reason, as being worthy of interest to others; the “assemblers,” i.e., the
news professionals, who transform the materials supplied by the promoters into public events
through publication or broadcast; and finally the “consumers,” who pay attention to certain

occurrences that the media bring to their attention.

The rise of social media calls for a revision of this theory. Today, platforms enable the
same actors to perform multiple functions simultaneously: consumers can act as assemblers
when they publish materials such as photos or videos; politicians can assemble occurrences
without going through journalists; journalists can act as assemblers and promoters by
highlighting certain occurrences on social media, and so on. Additionally, we need to include
two new agencies in the original typology, which we propose to name “connectors” and
“interpreters.” First, as commonly used in literature (Badham et al. 2022), connectors make
an occurrence highly visible on a social media platform, thanks to their high number of
followers. Research on social media, particularly Twitter, has shown that the largest
propagations are generated by users with the most followers, even if neither the number of
followers nor network centrality predicts influence (Watts and Dodds 2007; Bakshy et al.
2011; Cha et al. 2010). Consequently, even if there is no certainty about their impact, media
outlets, journalists, politicians, activists, or individuals with high social media profiles can
use their centrality in the network to generate discussion around an occurrence. Second,
“interpreters” are users who contribute on social media platforms around an event previously
made visible by a connector. By liking, sharing, or commenting on the event, interpreters can
increase the visibility of existing interpretations or propose their own, which can generate
“firestorms” (Pfeffer et al. 2014). Table 1 summarizes the various agencies, their roles, and

the resources they require in terms of skills, disposition, or social capital.



Table 1. The career line of public events in the age of social media.

Agencies Roles Resources

Effectors Involved in the happening of an
occurrence.

Promotors Identify an occurrence as being of Public relations or marketing.
interest to others for some reason.

Assemblers Transform materials supplied by Access to publication platforms
promoters into public events through and ability to comply with
publication or broadcast. publication formats.

Connectors Make an occurrence highly visible toa  Number of followers on social
significant number of social media media platforms.
users.

Interpreters Disseminate their interpretation of the Ability to express a viewpoint
occurrence on social media through likely to be seen as relevant to
posts and comments. others.

Consumers Pay attention to specific occurrences Social dispositions and personal

and discuss them in their private sphere.

networks.

Case and methodology

We focused on the murder of a 12-year-old girl in Paris on October 14, 2022. Two days later,
a spokesman for far-right politician Eric Zemmour urged mobilization on Twitter after
learning from the press that the suspect was an Algerian woman. The next day, as mainstream
media announced that the suspect was illegally on French soil, Eric Zemmour condemned a
“francocide,” a term he created a few months earlier. His supporters urged for a
“demonstration for Lola.” On October 18, several conservative right-wing leaders joined far-
right leaders in condemning the government’s laxity. “If the obligation to leave the country
had been properly applied, little Lola would still be alive,” said a conservative right-wing
leader on public television. For a week, the drama emerged as a central topic in French
political debate, while Lola’s parents expressed their opposition to any political exploitation

of the tragedy. Government ministers defended themselves against the accusations of being
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responsible for the murder, while most news media covered the crime in the following days.

A media explosion ensued (Boydstun 2013), culminating on October 19.

This case is ideal for studying the role played by legacy media in the far-right
politicization of migrant crime on social media. More than any other migrant crime
committed in France that year or in subsequent years, this murder highlights characteristics
that strongly support the politicization of migrant crimes by the far right: the victim was
young and vulnerable, she endured an exceptionally violent crime, and the main suspect was
North African and in an irregular situation in France. The far-right’s mobilization on Twitter
(now known as X) in response to this murder was both intense and prolonged, with far-right
activists using it as an argument during and after the 2024 French legislative elections. The
volume of discussions about this murder on Twitter was unprecedented in 2022 (see
Supplementary Information File, Figure 8), as was the coverage by legacy media (e.g., Le
Figaro published 136 articles about the murder over a ten-day period) and various partisan

and non-partisan outlets.
Event detection

To reconstruct the dynamics of the discussion that followed the murder, we developed
and applied an event detection algorithm to a Twitter corpus. We relied on a corpus of tweets
collected in real-time during October and November 2022 via the Twitter API, using software
designed to ensure stable collections over extended periods (Ooghe-Tabanou et al. 2023). We
have collected 155 million French tweets that contain an external reference, including those
with URLs, images, videos, GIFs, or tweets that quote another tweet. To reduce the corpus
size, we selected tweets that had received at least one retweet, obtaining 10.3 million tweets

that generated 99.1 million retweets.

We then applied an event detection algorithm that considers the documents’ temporal
dimension and ensures a fine granularity of the detected clusters. More precisely, the

algorithm works as follows:

1. Tweets are processed in chronological order, from oldest to most recent.

2. Each new tweet is transformed into a vector of words using the classical tf-idf
measure as term weights (Sparck Jones 1972).

3. We then calculate the cosine distance of the vector to all vectors of previous

tweets within a 12-hour time window.
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4. 1If a neighboring vector exists at a sufficiently close distance (this minimum
distance is a parameter of the algorithm; we have set it at 0.7), the tweet is
grouped in the same cluster as this neighbor.

5. Otherwise, a new cluster containing the tweet will be created.

The time window ensures that we obtain groups of tweets that have received
continuous attention from Twitter users: if no tweet on a given subject is published for 12
hours, the corresponding cluster stops. The other specificity of this algorithm is that it does
not fix the number of clusters in advance, nor does it necessarily group tweets that lack
sufficient similarity. This results in very homogeneous clusters, sometimes as small as one
tweet. A more detailed explanation of how the algorithm works, as well as a justification of
the choice of the vectorization technique — tf-idf, a classic information retrieval method, as
opposed to recent neural network embedding techniques such as Sentence-BERT (Reimers

and Gurevych 2019) is provided in Mazoyer et al. (2024).

We then selected all clusters containing the word “Lola,” resulting in 19,047 clusters
and 449,130 tweets. We then worked on a sample of 301 clusters with the highest number of
tweets containing “Lola,” which accounts for 20% of the tweets in the corpus (91,995
original tweets) (The robustness of this selection procedure is tested in the Supplementary
Information File, Tables 6 and 7). A manual check revealed that 77% of these clusters (231
out of 301) were consistent, relevant, and distinct: they are primarily organized around an
initial occurrence that is non-redundant with another cluster and related to Lola’s murder. An
initial occurrence may consist of a reported fact, a statement, or an analysis, followed by
messages that mention or comment on it (The first ten tweets of a particular cluster are
reproduced in the Supplementary Information File, Table 8). Since each cluster in the sample
unfolds from a single, consistent, and relevant initial occurrence, we will refer to each cluster

as a single “sub-event” for the rest of the article.

Through qualitative analysis, we coded every sub-event of the sample. We relied on
several categories based on the revised version of Molotch and Lester’s model, including

99 <6

“effector,” “connector,” and “assembler.” Additionally, we identified new categories

inductively to describe the nature and focus of the initial occurrence, as described below.
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1. Nature of the initial occurrence: reported fact, reported statement (a quote
from someone other than the user who shares it), statement (a quote whose
author is the person sharing it), or analysis (an interpretation that suggests a
cause, connecting the crime to other events to draw a general conclusion).
Each category is exclusive.

2. Focus of the initial occurrence: does it relate to the murder (referring to the
crime, its protagonists, its causes, or those responsible for it), or does it relate
to the politicization of the murder (documenting the mobilizations following
the murder, analyzing the political competition underlying the discussion,
pushing an immigration-related interpretation, and criticizing or defending this
politicization)?;

3. Effector: the person or organization involved in the happening of the
occurrence;

4. Connector: a person or organization that was the first to disseminate the
occurrence on Twitter, generating a significant number of retweets;

5. Assembler: the media outlet or any other actor who assembled the story

behind the initial occurrence.

Table 2 presents several sub-events that have been categorized accordingly. Each
unfolds from specific occurrences and involves various actors as effectors, connectors, and
assemblers. Some take only a few hours, while others can last several days. Initial
occurrences have been assembled by news organizations or non-journalists, such as
politicians, activists, or other users. The news outlets may be legacy or non-legacy media, the
former having operated for several decades and enjoying a solid reputation within the

journalistic profession.
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Table 2. A few sub-events on Twitter following Lola’s murder.

Sub- First Count of Initial occurrence Effector = Connector  Original Temporal distribution of tweets (bars,
event ID  tweet tweets assembler left-axis) and retweets (points, right-
(retweets) axis)
1236802  Oct.15 598 (Reported fact) A 12-year-old girl The BFMTV BFMTV 2001
(22,831) was found dead locked in a trunk police (Legacy (Legacy e
this Friday evening in the 19th media) media) 300! 200

arrondissement of Paris.

2001
1004

1523208  Oct.18 417 (Statement) “Using a 12-year-old Eric Ambroise LCP (Legacy
(9,938) girl’s coffin as a stepping stoneisa  Dupont- Mejean media) 500]
disgrace, Mister MP. Don’t add to Moretti (Politician) 6001
the most absolute atrocity the (Minister 200l o
unworthy trade of demagoguery.” of
Justice) 2001
1004
0
18303413 Oct.21 255 (Reported statement) “Immigrant, Raphael  Raphael Activist 5001
(5,694) murderer!”: that’s the slogan of the ~ Arnault  Arnault o
far-right militia in the streets of (Activist) (Activist) 300! 200
Lyon this evening. Please be very
vigilant, don’t go out alone! 100l /\ 200
0

ot 1° ot 19 ock. 23
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1867654

Oct.22

88
(2,057)

(Statement) I am stunned by the
lack of reaction from Muslims in
France to the Lola massacre.

Stéphane
David
(Elected

rep.)

Stéphane Politician
David

(Elected 3001

rep.)

1004

5001

oct. 32

T

OC{ 2

600!

4001

2001
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Furthermore, as shown in Table 3, statements account for the most initial occurrences (55.8%)

in the sample of 231 most discussed sub-events, but reported facts and statements are also

quite significant (36.8%). Initial occurrences are evenly divided between those relating to the

crime itself (referring to the crime, its protagonists, its causes, or those responsible for it,

45%) and those questioning or justifying the politicization of the crime in terms of

immigration. Legacy media play a significant role as assemblers and connectors for sub-

events, followed by partisan media that are predominantly far-right (See Supplementary

Information File, Table 10).

Table 3. Main characteristics of the sample’s sub-events

Categories

%

Nature of the initial occurrence

Reported fact or statement
Statement
Analysis

36.8% (n=85)
55.8% (n=129)
7.4% (n=17)

Government or public institution
Elected rep. or politician

Police or law

Media outlets or journalists

13.9% (n = 32)
28.1% (n = 65)
10.8% (n = 25)
18.2% (n = 42)

Effector Expert or media people 10.4% (n=24)
Activist 7.8% (n = 18)
Non-activist user 6.5% (n=15)
Unknown 4.3% (n=10)
Legacy media 48.5% (n=112)

Assembler Partisan & opinion media 13.4% (n=31)
Peripheral non-partisan media 1.3% (n=3)
Activists, politicians, or other users  36.8% (n=85)
Legacy media 29.4% (n = 68)
Peripheral non-partisan media 6.9% (n=16)
Partisan & opinion media 17.7% (n=41)

Connector Activist 19.0% (n = 44)
Non-activist 11.3% (n=26)
Government 1.3% (n =3)
Other elected rep. or politician 12.6% (n=29)
Unknown 1.7% (n=4)

The focus of the initial occurrence

Fact about the crime
Immigration-related politicization
Documenting politicization
Criticism or defense of politicization
Unknown

22.1% (n=51)
36.8% (n = 85)
17.3% (n = 40)
14.3% (n = 33)
9.5% (n=22)

Mean 75.8
Number of tweets Standard deviation 75

Mean 1,789.8
Number of retweets Standard deviation 2,010

Mean 67.7
Number of users Standard deviation 06.8
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Media corpus

We collected articles from 55 French national and local legacy newspapers and news
magazines. We retrieved 667 articles from the Europresse database, published between
October 15 and 24. These well-established media outlets, in operation for decades, are fairly
distributed across the political spectrum, excluding the far-right and far-left (see
Supplementary Information File, Table 9). Coverage rises sharply from October 17, then falls
after five days, before rising again on October 24, the day of the teenager’s funeral (see

Figure 1).
125
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Figure 1. Temporal distribution of news articles related to Lola’s murder.

We manually coded this corpus to categorize the stance of each article toward the
politicization of the murder.? After thoroughly reading a sample of articles, we identified their
primary focus. Whether they concentrate on the facts of the murder, convey the politicization

driven by the far right (referred to as “francocide”) and parts of the right (emphasizing the

3 The quality of this coding was checked by comparing the coding of the first two authors. For all variables,
Cohen’s kappa values of between .63 and .88 were obtained, corresponding to substantial or almost perfect
agreement.

17



poor rate of deporting illegal immigrants), or question the legitimacy of politicizing the

murder by offering a more reflexive coverage.

As previously stated, reflexive coverage can take several forms. We have identified
five based on the literature and an in-depth reading of the media corpus. The first two relate to
expressing views that are either critical of or in favor of politicizing the murder in connection

with immigration:

1. Criticism of politicization, either by the journalist or by the sources that are quoted in
the article;

2. Defense of immigration-related politicization of the murder, involving comparisons
with politicizations of other news events (e.g., femicide or police violence) or

responses to criticism of the politicization.
The following forms are based on well-established professional standards:

3. “He said, she said” coverage through equal presentation of arguments for and against
the immigration-related politicization of the murder. This is the simplest form of
reflexivity, based on journalistic professional ethics (Schudson 1982; Lemieux 2000:
371-374);

4. Documenting politicization, either by investigating how far-right activists exploited
the murder, by reporting the consequences of their mobilization, or by producing facts
that call into question the politicization of the murder?;

5. Political competition coverage by presenting the murder’s politicization as a strategy
of the far right and the right wing to put pressure on the government (Fink and
Schudson, 2014).

Interpreters’ political leaning

Lastly, we automatically identified the political leaning of interpreters, i.e., individuals who
contributed on Twitter to the discussion of the sub-events surrounding Lola’s murder.
Applying a well-established method (Barbera 2015; Budak and Watts 2015; Cointet et al.
2021b), we used as a proxy for partisanship the fact of having retweeted at least one tweet

from one of the 12 major candidates in the 2022 French presidential election during the six

% This reflexive coverage relied extremely marginally social sciences results. Media outlets did not use
immigration statistics, nor did they call on researchers specializing in this area.
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months preceding Lola’s murder (For an evaluation of this method, see Supplementary
Information File, Table 11). Individuals who did not retweet any tweet from these 12
candidates are considered nonpartisan (n=60,005, see Supplementary Information File, Table
12). We aggregated the candidates into five categories of political orientation (far-left, left,
pro-government, right-wing, and far-right). We then coded the political orientation of
interpreters based on the majority (more than 50%) of their retweets of candidates. Users who

retweeted an equal number of tweets between political groups were left uncoded.

Although most interpreters who contributed to the discussion of Lola’s murder on
Twitter were predominantly nonpartisan, far-right interpreters were the most active, with 25%
of users responsible for 44.2% of tweets and 63.4% of retweets (see Supplementary
Information File, Table 12). Far-left interpreters came next, dominated by supporters of La
France Insoumise (12.1%), considerably less active, and government supporters (3.2%). Left-
wing and right-wing partisans are virtually absent from the conversation. The temporal

distribution of these contributions is shown in Figure 2, along with a few key events.

Non-Partisan . Far-Left Left, pro-government or right . Far-Right

500004

40000+

Public demonstration in
several cities organised by
far-right activists

The main suspect was under
an Obligation to Leave French
Territory In the National Assembly,
right-wing MP Eric Pauget
blamed the government for
the murder

|| II A
Y v > ™

300004

20000+

Press reveals that
the suspects in
custody were born in
Algeria

10000+

Count of tweets and retweets

Vv Vv Vv Vv
d &~ & & & & & & & &

Figure 2. Temporal distribution of tweets and retweets according to users’ political

orientation.
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Social media mobilization did not generate legacy media coverage.

The first finding is based on a quantitative analysis of the press corpus and a qualitative study
of the sub-events reconstructed from Twitter. It states that although legacy media paid
considerable attention to the murder, it cannot be viewed as a direct consequence of far-right
activism on social media. This was due instead to the intervention of established political
actors on the right of the political spectrum, who are active in the French parliament and have
a strong visibility in the mainstream media. They acted as brokers in the public sphere,

legitimizing the politicization of murder in connection to immigration.

During the first three days following the discovery of the body (October 15-17), the
legacy media increasingly covered the murder (Figure 1). These included regional newspapers
that usually pay attention to crime news (Le Parisien) and leading national newspapers that
rarely cover crime (Libération, Le Monde, Le Figaro, L’Obs, etc.). During this period, only
far-right activists and politicians such as Eric Zemmour, Jordan Bardella, and Marine Le Pen
voiced their opinions about the murder — only on Twitter and not in the legacy media. As an
illustration, it was only on October 19 that Eric Zemmour was invited to comment on the

murder on BEMTYV, a central TV news channel.

However, we claim that far-right activism on Twitter did not generate legacy media
coverage. Several elements suggest this. First, their coverage then focuses exclusively on the
factual aspects of the crime: the disappearance of the teenager, the parents’ waiting, the
discovery of the body, the arrest of the suspect, the autopsy, and the reactions of neighbors.
No reference was made to the interpretative frames carried by the far-right, and no far-right
personality was interviewed or even mentioned during that period. On October 16, Le
Parisien revealed that the suspect was Algerian, which was subsequently mentioned in many
articles until the following day when it was revealed that she was under an obligation to leave
French territory. However, until October 17, the mention of the suspect’s nationality was
always made strictly factual, without it being framed as a problem. Instead, it seems to be the
nature of the crime itself that is attracting media interest: an extremely violent murder of a
teenage girl in the center of Paris — all properties that have long been identified as generating

media attention (Roshier 1973; Katz 1987).

Qualitative analysis of sub-events shows that the context shifted abruptly on October

18. The previous night, BFMTYV, a central TV News channel, revealed that the suspect was
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under an obligation to leave the country. On October 18, several right-wing politicians gave
speeches in the Parliament and appeared on television, denouncing the government’s
responsibility for the murder. “Lola lost her life because you did not deport this foreign
woman, who no longer had any place here,” said right-wing MP Eric Pauget in an address to
the Minister of Justice. “If this obligation to leave French territory had been applied, Lola
would still be alive,” claimed David Lisnard, a prominent member of the same party, in a
popular TV program. The politicization of Lola’s murder was then no longer confined to far-
right activists and politicians, who were expressing themselves mainly on Twitter and in
partisan media. From then on, far-right politicians were interviewed on legacy media, while
right-wing politicians claimed that Lola’s murder revealed the government's inability to
control immigration. The politicization of the murder then involves the most legitimate arenas
of public debate, such as the Parliament, news TV channels, and the most established media

outlets.

While they did not explicitly endorse the “francocide” theory, right-wing politicians’
support for the murder’s politicization resulted in much greater coverage by legacy media
after October 18. The news value of the murder for legacy media suddenly changed because it
was taken over by mainstream politicians, who are part of the parliamentary opposition, and
generated reactions from government members seeking to defend themselves. This change in
the news value generated 558 press articles published between October 18 and 24, which can
be described as a media storm (Boydstun 2013). Right-wing politicians, therefore, played a
significant role in the process of politicizing the murder, legitimizing the coverage of a crime
that might otherwise have remained a subject of internal discussion within the far right on

social media.
Steering the discussion toward specific facts

The legacy media have regulated the politicization of this crime on Twitter by the far-right,
first by steering the discussion toward the facts they had assembled themselves. Facts play a
significant role in the Twitter discussion regarding the murder, as 36% of all sub-events in the
corpus begin with reported facts or statements (85 out of 231). These facts encompass every
aspect of the event, including the circumstances and specifics of the crime, the suspect’s
profile and background, the funeral, and organized demonstrations, including those by far-
right groups. They also include the responses of Lola’s parents, magistrates, government

officials, and politicians. Most remarkable is that, despite the considerable involvement of far-
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right supporters who advocated for their anti-immigration agenda and criticized mainstream
media, legacy media assembled nearly two-thirds of the reported facts or statements that
generated a sub-event on Twitter (Table 4). Opinion and partisan media outlets, along with
politicians, activists, and others, have played a less significant role, assembling reported facts

and statements in only 9.5% and 22% of sub-events, respectively.

Table 4. Distribution of assemblers behind the sub-events of Lola’s murder (%).

Politicians,
Legacy  Opinion & Non-partisan o
activists, or
media partisan media  peripheral media
other users
Reported fact
65.9 9.4 2.4 22.4 100% (n=85)
and statement
Statement 40.3 14.7 0 45 100% (n=129)
Analysis 23.5 23.5 59 47.1 100% (n=17)

Additionally, sub-events based on facts or statements assembled by legacy media
attract more interpreters than sub-events involving other assemblers (Table 5). Regardless of
whether they are partisan or non-partisan, interpreters consistently focused on the facts
assembled by legacy media. This also applies to far-right supporters, even if they pay more
attention than other supporters and non-partisans to the facts assembled by partisan media.
Overall, they, too, mainly discuss the facts assembled by legacy media, which illustrates the

paradox of populists criticizing mainstream media while relying heavily on them (Haller et al.

2019).
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Table 5. Distribution of interpreters according to the assemblers of fact-based sub-events

Fact assembled by All fact-based sub-
Fact assembled by o o
Fact assembled by politicians, activists, or events.
) opinion & partisan.
legacy media. (n=56) ) other users. (n=83)
media (n= 8)
(n=19)

Distinct Average Distinct Average Distinct Average Distinct Average

number of number of number of number of number of number of number of number of

users tweets users tweets users tweets users tweets
1,623 119 568
Non-Partisan 43.5 16.9 32.2 2,203 38.3
(73.7%) (5.4%) (24.5%)
1,129 223 484
Far-Right 31.7 342 349 1,546 32.7
(73%) (14.4%) (30.9%)
8 163
Far-Left 295 (68%) 6.4 2.0 8.9 434 6.5
(1.8%) (33.5%)
Pro- 133 2 19
3.6 1.0 1.1 148 2.7
Government (89.9%) (1.4%) (12.5%)
3
LeftWing 14 (87.5%) 0.5 - - 0.2 16 04
(17.5%)
4
RightWing 5 (55.6%) 0.1 - - 0.2 9 0.1
(44.4%)
3,199 352 1,241
Total 85.8 52.3 77.5 4,356 80.7
(70.3%) (7.7%) (27.3%)

Note : sub-events whose fact was assembled by a peripheral media are excluded from these calculations (n=2).
Since users may have tweeted in more than one sub-event, the total number of distinct users is not equal to the
sum of distinct users having tweeted in the different types of sub-event.

Reading Note: First cell: 73.7% of the non-partisan users have tweeted at least once during a sub-event focused
on a fact assembled by legacy media.

Second cell: Sub-events focused on fact assembled by a legacy media contain an average of 43.5 tweets
published by non-partisan users.

The facts assembled by politicians and activists result in a limited number of sub-
events (19 out of 83), with only a few of them being instances of disinformation (3 out of 19)

— a far-right elected representative announcing a rally in memory of Lola; a user shared
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pictures of the murderer from her TikTok and Instagram accounts. Some are dubious
accusations by far-right activists against Muslim influencers or left-wing activists. A few
others are more clearly conspiracy theories, such as the claim that organ trafficking was the
motive for the crime (which, however, was suggested the day after the discovery of the girl’s
body by an article in Le Parisien, a legacy media), or the theory that the murder would be a

ritual crime, supposedly common in North Africa.

One sub-event illustrates that legacy media also regulate some discussions based on
factually false statements. It started with this tweet posted on October 20 by Damien Rieu, a
far-right activist: “The family friend (who runs the charity) confirms that #LOLA’s parents
are not opposed to tributes and rallies. They just don’t want to take part. (...) the media are
lying.” Our analysis reveals that, unlike the other sub-events, this one primarily attracts far-
right supporters, accounting for 82% of the users, compared to 31% for all fact-related sub-
events (see Figure 3). The supporters repeated the same statement, outraged that the media
were lying about the position of Lola’s parents. The echo chamber was nearly complete until
the parents issued a press release on the same day, extensively covered by the legacy media,
in which they called for “an end to the use of their child’s name and image for political
purposes.” Then, non-partisans began to denounce the far-right activists’ manipulation: “You
hear that, @DamienRieu, you jerk? (...) “Lola’s family asks that people stop using ‘their
child’s name and image for political purposes,’” wrote a left-wing user. Eventually, the far-

right supporters abandoned their unfounded claim.
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Figure 3. Time distribution of a sub-event based on false information (alleged agreement of
Lola’s parents to tributes and rallies).

Note: The bars correspond to the number of tweets, while the dots correspond to the number of

retweets.

This result strongly contrasts with the idea of social media as a forum for discussion
based on alternative, or at least unchecked, facts. Despite the crime being the focus of intense
mobilization by the far-right, which demonstrated a deep distrust of established media, the
facts gathered by legacy media serve as the foundation for much of the discussion about the

murder on Twitter.
Directing the discussion to question the relevance of politicization

A final key finding is that legacy media partially regulated the politicization of Lola’s murder
on social media by steering the discussion toward questioning the relevance of politicization.
We refer to “reflexive” all news items that do not focus on the crime, either its facts or
interpretations, but help document, criticize, or justify the process of politicization. Our
analysis shows that this reflexive coverage, which accounts for a substantial proportion of the
coverage produced by legacy media, regulates the discussion on Twitter in two ways: first, by
guiding the conversation towards questioning politicization; second, by broadening the

conversation to include more politically diverse users.
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A quantitative study of the corpus of press articles (excluding broadcast and online-
only media coverage) reveals that coverage changed after October 18. Except for Le Figaro,
which relays right-wing and far-right-wing interpretations of Lola’s murder, all the legacy
media keep their distance from immigration-related politicization. As shown in Figure 4, the
articles focused less on the facts of the murder, questioning its politicization. For example, an
article published in Le Parisien on October 19 analyzes the concerns of National Rally leaders
regarding the campaign by Eric Zemmour’s supporters (political competition coverage).
Another article published on the same day by La Croix features an interview with a centrist
politician who argues that, while it is essential to show compassion for the victims of a
horrific crime, caution must be exercised to “avoid reinforcing the idea that every crime stems

from a failure of justice or administration.” (criticism of politicization).
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Figure 4. Reflexive coverage of Lola’s murder by legacy media.

Simultaneously, the conversation around the murder became increasingly reflexive on
Twitter (Figure 5). After October 18, participation was higher in reflexive sub-events than in
non-reflexive sub-events, which means that more tweets focused on discussions about the

legitimacy of politicization. A more detailed analysis shows that criticism, justification, and
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documentation of politicization dominated these reflexive conversations—“He said, she said,”

and political competition coverage were virtually absent from the Twitter conversation.
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Figure 5. Distribution of participation according to the reflexive nature of sub-events.

Legacy media influenced the reflexive turn in discussions about the murder on Twitter
(Figure 6). In the initial days, it is mainly the partisan, nearly exclusively far-right media that
generate reflexive sub-events. They defend the politicization of the murder by criticizing
those who reject the connection between immigration and crime. They refer less to actual
statements made by journalists or politicians, who make little mention of the murder, and
more to the debates following previous crimes attributed to immigrants. Beginning on
October 18, legacy media sparked reflexive discussions on Twitter, and thereafter, most
discussions on the platform were driven by legacy media outlets, grounded in facts,
statements, and analyses that questioned the politicization of the murder (Figure 6). For
example, BFMTYV, a legacy news channel, pieced together the facts behind several important
sub-events: on October 18, when it revealed that Eric Zemmour’s party had purchased domain
names related to the murder of Lola; on October 21, when it disclosed that among those

present at the demonstration for Lola were white supremacists, nationalists, and neo-Nazis. As

27



a result, legacy media have gradually succeeded in significantly shaping the discussion on

Twitter to address the legitimacy of a politicization

Non-Partisan . Far-Left ‘

focused on immigration.

Left, pro-government or right . Far-Right

Reflexive sub-events focused on occurrences
critizing or documenting politicization

Reflexive sub-events focused on occurrences
defending politicization

100004
7500 -
5000 -
2500 -

O-

Legacy media

=N

10000 A
7500 -
5000 -
2500 -

O-

Partisan &
opinion media

10000 A
7500 -
5000 -
2500 A

O_

Count of tweets and retweets

Activist

.—- —_—
3 5 146 TAa1 Ta® T To0 Toy Top T
v N S RS N S v 1 0

T o T o o o o o o™

T
o ¢

Figure 6. Daily distribution of interpreters’ political preferences in reflexive sub-events.

Most remarkably, when legacy media were connectors for reflexive sub-events, they

generated participation from contributors with more varied political preferences, especially

2]
o

&

when it came to criticizing the process of politicization (Figure 6). By contrast, when the same

media outlets serve as connectors for non-reflexive sub-events, or when partisan media serve

as connectors for any other sub-events, the discussion is monopolized by far-right contributors

(Figure 7). As a result, far-right contributors are increasingly exposed to contributors with

different political views in the second half of the period. This highlights the distinctive ability

of legacy media to engage a more diverse political audience through reflective coverage,

which also helps regulate the politicization of migrant crimes on social media.
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Figure 7. Daily distribution of interpreters’ political preferences according to the type of sub-

events and connectors.

Discussion and conclusion

We set out to examine the role of legacy media in the increasingly frequent situations where
far-right activists intensely use social media platforms to politicize crimes that have been
committed, either actually or allegedly, by immigrants or people of foreign origin. While
research on the politicization of migrant crimes often overlooks the mutual influence between
social media and legacy media, we examined whether and how legacy media are likely to
influence far-right mobilization on social media. To achieve this, we have created a
computational method to reconstruct, in unprecedented detail, the politicization of a single

case on Twitter: the murder of a teenage girl by an Algerian woman in Paris in October 2022.

Our main argument is that, in the case studied, French legacy media have acted as a
“moral compass” by regulating the form and spread of far-right politicization surrounding the
murder on social media. This regulation does not involve influencing the overall amount of
attention paid to the event on social media. In contrast, the mobilization of the far right on
social media drew the attention of conservative politicians who saw it as an opportunity to

criticize the government, which indirectly pressured legacy media to cover the murder more
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extensively. However, legacy media have shaped the framing of the discussion on social
media by steering the conversation towards the facts they have assembled and questioning the
relevance of politicizing the crime as an immigration issue. By documenting how the murder
has been politicized and criticizing the legitimacy of this politicization, these media
organizations influenced the nature of discussions on Twitter, encouraging more politically
diverse people to engage in conversations about the relevance of generalizations that can be
drawn from the murder. This influence, which can be described as a second-level agenda-
setting power of legacy media, is not limited to adopting a hegemonic framing that restricts
minority voices in general, not just those from the far right. In the case studied, legacy media

offer the most reflexive coverage while mainstream politicians relay far-right politicization.

This study has several implications. First, it demonstrates that legacy media still
possess the ability to regulate, even though they cannot fulfill a gatekeeping role, and that
their power to influence the attention social media users devote to a news event is limited.
This regulatory capacity, which we refer to as “moral compass,” does not involve morally
condemning politicization or judging the shocking nature of politicizing a crime. Instead, it
involves implementing a set of practices that align with journalists’ professional missions:
producing facts, investigating actors who seek to politicize a crime, presenting arguments for
and against politicization, and analyzing the underlying political strategies. As such, the moral
compass mentioned here is procedural rather than substantive. Second, this study illustrates
the value of developing computational methods to understand the politicization process of
news events on social media. As platforms engage a diverse range of actors aiming to capture
attention toward specific events, innovative methods are necessary to account for the

influence dynamics among these actors.

However, we must remain cautious about generalizing the main argument of this
study: it is based on a single case, anchored in Twitter and a French context. The method
needs to be replicated in other cases to understand whether specific configurations can
influence legacy media’s ability to regulate the politicization of migrant crimes on social
media. France’s media environment is highly elitist (Hailin and Mancini 2004) and
hierarchical (Cointet et al. 2021a), with less, albeit increasing, political polarization compared
to the United States. Other media environments characterized by greater polarization can be

expected to severely limit the ability of legacy media to regulate far-right politicization on
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social media. Additionally, the characteristics of crimes may have consequences for the

dynamics of politicization and, therefore, legacy media’s ability to play a moral compass role.

Therefore, further studies mobilizing this method are needed to understand how media
organizations can secure a space for public discussion free from the most brutal forms of

politicization.
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Figure 8. Temporal distribution of mentions of “meurtre” (murder) in French-language

messages posted on Twitter throughout 2022.
2.

To verify the robustness of our process for selecting clusters of tweets generated by the first-
story detection algorithm, we have created an alternative sample that is less sensitive to the
number of citations of the term ‘Lola.” The table below indicates that this complementary

method produces clusters that are less coherent and less consistent.

Table 6. Test of a complementary sampling method.

Sampling methods Description Cluster consistency and Initial occurrences
relevance (% of highly coherent
and highly relevant
clusters)
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76.5% of clusters are both

Based on the analysis of Reported fact or

sample clusters with the highly coherent and statement (36.8%)

highest number of highly relevant (231) e Statement (55.8%)
Sampling method used  mentions of the word e Analysis (7.4%).
in the research ‘Lola’

n=301 clusters

91,995 original tweets.

Retains all the clusters 16.5% of clusters are both e Reported fact or

not analyzed in the highly coherent and statement (41.7%)

research sampling highly relevant (12) e Statement (50.0%)
Complementary method, which (1) have e Analysis (8.3%)

33% of clusters are both
highly relevant and at
least moderately relevant
(24).

the highest number of
tweets, and (2) mention
the word 'Lola' in at
most half of the
messages in each cluster

sampling method

n=72 clusters
22,015 original tweets.

This complementary method produces only five highly coherent and relevant clusters
corresponding to “reported facts or statements.” This number is too small to identify
statistical trends, but Table 14 indicates that legacy media have assembled most of these

reported facts and statements.

Table 7. The five sub-events generated by the complementary sampling method.

ID First Number  Initial occurrence Effector Connector Original

tweet  of tweets assembler

3774310  Oct.16 32 (Reported statement) “A 12-year- TSAlgerie  Le Parisien
old schoolgirl has been killed (Algerian  (Legacy
atrociously and the prime suspects news media)
are individuals “born in Algeria”. website)

1807210  Oct.21 426 (Reported fact) Video of a Far-right A far-left Another
demonstration by around a activists  activist activist and
hundred far-right activists LyonMag
marching in Lyon in tribute to (alocal
Lola and against immigration. news

media)
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1974849  Oct.24 75 (Reported statement) “In Judeo- Public Cnews Cnews
Christian civilization, there is a figure (opinion (opinion
principle: when there is a time of TV TV
mourning, we begin with silence, network) network)
contemplation, and not
controversy or exploitation,” says
Bernard-Henry Lévy.

2229308 Oct.27 63 (Reported statement) “The Minister Le Parisien Agence
Minister of the Interior, Gerald of the (legacy France
Darmanin, wants to make life interior  media) Presse
'impossible' for foreigners subject (Legacy
to an obligation to leave French media)
territory.

3774310 Nov.16 46 (Reported fact) A 23-year-old A 23- French La Voix du
Afghan man who arrived alone in  year-old Lives Nord
France confessed to murdering his Afghan  Matter (a (Legacy
girlfriend, Hélana, 19. The man Far-right media)
victim's mother had shared a post Twitter
in tribute to #Lola a few days account)

earlier on Facebook.

3.

Table 8. The first 10 tweets from sub-event 1523208 (“Using a 12-year-old girl’s coffin as a

stepping stone is a disgrace, Mister MP”).

Date & User User Count of Tweet (translated) Role
time name descripti  retweets
on
1 Oct.18,  Ambroise Politician 629 “Using a 12-year-old girl’s coffinas  Connector
3:32 _Mejean a stepping stone is a disgrace, Mister
PM MP. Don’t add to the most absolute

atrocity the unworthy trade of
demagoguery.”

Thank you, @E_DupondM, for

setting the record straight in the face

of such outrageous behavior. #Lola

https://twitter.com/Ambroise Mejea

n/status/1582363891522310145/vid

eo/l
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Oct.18,
3:33
PM

LCI Legacy
Media

75

@ Murder of #Lola: the government
questioned

@< "Using a 12-year-old girl’s coffin
as a stepping stone is a disgrace,
Mister MP.." @E DupondM to
@EricPAUGET]1
https://twitter.com/LCl/status/15823
64245429141505/video/1”

Oct.18,
3:35
PM

LCP Legacy
Media

492

Murder of Lola : “Using a 12-year-
old girl’s coffin as a stepping stone
is a disgrace, Mister MP !” replies
@E _DupondM after being
challenged by @EricPAUGET1
#DirectAN #QAG
https:/twitter.com/LCP/status/1582
364838835417089/video/1

Assembler

Oct.18,
3:36
PM

BFMTV  Legacy
Media

1293

Murder of Lola : “Using a 12-year-
old girl’s coffin as a stepping stone
is a disgrace”

& Fric Dupond-Moretti, Minister of
Justice

https://twitter.com/BFMT V/status/1
582364937351229441/video/1

Oct.18,
3:36
PM

CNEWS  Partisan
&
Opinion
Media

377

Eric Dupond-Moretti about the
murder of Lola “Using a 12-year-old
girl’s coffin as a stepping stone is a
disgrace”
https://twitter.com/CNEW S/status/1
582365023451566080/video/1

Oct.18,
3:38
PM

GillesCal User
lot

Bravely, Minister @E_DupondM
responds to the shameless
exploitation of #Lola’s murder —
even though the facts of the ongoing
investigation are not yet known.

#DirectAN “LCP : Murder of Lola :
“Using a 12-year-old girl’s coffin as
a stepping stone is a disgrace, Mister
MP !” replies @E_DupondM after
being challenged by
@EricPAUGET]1 #DirectAN #QAG
https:/twitter.com/LCP/status/1582
364838835417089/video/1”

Interpreter

Oct.18,
3:39
PM

marinpetr  Activist
us

3

This monster never misses a chance.
#QAG #DirectAN

“LCP: Murder of Lola : “Using a
12-year-old girl’s coffin as a
stepping stone is a disgrace, Mister
MP !” replies @E_DupondM after
being challenged by
@EricPAUGET]1 #DirectAN #QAG

Interpreter
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https://twitter.com/LCP/status/1582
364838835417089/video/1”

Oct.18,
3:40
PM

laurenceb  Journalist

arbry

2

Well said, @E_DupondM

“BFMTV:

Murder of Lola : “Using a 12-year-
old girl’s coffin as a stepping stone
is a disgrace”

& Eric Dupond-Moretti, Minister of
Justice

https://twitter.com/BFMT V/status/1
582364937351229441/video/1”

Interpreter

Oct.18,
3:42
PM

MalekDe
legue

Journalist

13

I’'m gonna applaud EDM on this
one.

The murder of little #Lola is
horrifying — all we can do is offer
support and try to imagine her
family’s pain.

Watching the right and the far-right
exploit this on Twitter for the past
48 hours is sickening.

Show some decency.

“BFMTV:

Murder of Lola : “Using a 12-year-
old girl’s coffin as a stepping stone
is a disgrace”

&d Eric Dupond-Moretti, Minister of
Justice
https://twitter.com/BFMTV/status/1
582364937351229441/video/1”

Interpreter

10

Oct.18,
3:44
PM

lestresors
demic

User

Playing politics with

the attack and horrific death of little
Lola is disgraceful — from the RN,
the Zs, and even the LR deputy.
And for once, I agree with Dupond
Moretti and his response in the
Assembly: it’s shameful!

@E _DupondM to @EricPAUGET1

“LCI : @ Murder of #Lola: the
government questioned

@ "Using a 12-year-old girl’s coffin
as a stepping stone is a disgrace,
Mister MP.." @E DupondM to
@EricPAUGET]1
https://twitter.com/L Cl/status/15823
64245429141505/video/1”

Interpreter
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4.

The following two tables show how the media analyzed in this research are distributed across

the political spectrum. Drawing on recent research (Vendeville et al., forthcoming), this

categorization is based on the ideological identification of average Twitter users sharing

media outlets.

Table 9. Political Leaning of the Legacy media in the Europresse and Twitter corpus

Corpus Political leaning %
Far-Left 6.2
Europresse (n = 49) Left 43.8
Center 31.2
Right 18.8
Far-right 0
Far-Left 0
Twitter (connectors Left 43.8
only, n = 16)
Center 43.8
Right 12.5
Far-right 0

Table 10. Political Leaning of the other media connectors in the Twitter corpus

Media Political leaning

%
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Far-Left 0

Partisan & Opinion

Media (n = 18) Left 0
Center 0
Right 27.8
Far-right 722
Far-Left 10

Peripheral non-partisan

media (n = 10) Left 10
Center 50
Right 10
Far-right 20

S.

To determine users’ political orientation, we employed a method based on users’ retweets of
the major candidates in the 2022 presidential election. Although well-established in the
literature (Barbera 2015; Budak and Watts 2015; Cointet et al. 2021b), this method can be
compared to alternative approaches, particularly those based on contributors’ networks of
followers. Using Ramaciotti Morales et al. (2022), we measured the left-right distribution of
all contributors in our corpus. As displayed in the table below, the metrics obtained through
this approach are consistent with the categorization resulting from our method. To verify, we
have reintroduced contributors who have equally retweeted candidates from various political
affiliations (previously excluded from our analysis). These “fence-sitters” hold intermediate

scores, which seem to be consistent.

Table 11. The score of the left-right distribution metric for each group of retweet-based

political orientation (based on Ramaciotti Morales et al. 2022).
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Users’ political orientation mean median standard deviation
Far-Left 1.874026 0.3948665 2.5989389
LeftWing, Pro-Gvt or RightWing 6.434920 6.4086611 0.7225623
Far-Right 8.759957 8.6964787 1.5398271
Non-Partisan 6.341143 6.2278794 1.9751816
Fence-sitters™* 6.033319 5.8021420 1.1635620

*Refers to users who have retweeted candidates from different political affiliations equally.

Table 12. Political orientation of users involved in the discussion of the sub-events related to

Lola’s murder.

Number Percentage Number  Percentage Number of  Percentage

of users of users of tweets oftweets  retweets of retweets
Nonpartisans 60,005 58.9 7,404 41.8 94,088 21.9
Far-right 25,507 25.0 7,831 44.2 271,734 63.4
Far-left 12,343 12.1 1,341 7.6 36,325 8.5
Pro-government 3,258 3.2 506 2.9 11,987 2.8
Left-wing 433 0.4 69 0.4 1,099 0.3
Right-wing 340 0.3 48 0.3 1,298 0.3
Total 101,886 100 17,199 100 416,531 100
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